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I. One Node
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II. Four Nodes
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III. Hidden Layer
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IV. Three Inputs €U0 105
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1. Mixture of Experts [€¥O 683
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2. Recurrent Neural Network (RNN)
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3. Mamba’s S6 Model €uo 263
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4. Matrix Multiplication [€¥0 127
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5. How does an LLM sample a sentence?
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6. Multi Layer Perceptron in pytorch

2 SO 337
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Hints:
Linear Layer: { Identity | Linear | Bilinear }
Activation Function: { RelU | Tanh | Sigmoid }

in_features: { int }

out features: { int }

bias: { T | F }
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7. Backpropagation [ewo 1260
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8. Transformer |evo 123
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q. Batch Normalization |€t© 504

Mini-batCh: X1 X2 X3 X4
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10. Generative Adversarial Network (GAN)
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11. Self Attention eyoO 1376
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12. Dropout €U0 557
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13. Autoencoder
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14. Vector Database [€9© 2224
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mini batch of text-image pairs

15.

CLIP
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16. Residual Network
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17. Graph Convolutional Network
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18. SORA’s Diffusion Transformer
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19. Switch Transformer |€30 576
(Gemini 1.5’s Sparse Mixture of Experts)
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g LLM Tl 20. Reinforcement
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